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An Introduction to Statistic Analysis in real World: Data types
Sample Spaces, Probability Axioms

Data Cleaning and Manipulation Statistics Methods

An Introduction to Data Sampling for Machine Learning
Random variables, expectation (mean) & Variance

Common Probability and Statistic Distributions www. TehranData.org m TehranData
Data Normalization vs Standardization (z-score) in Practice m @] T .
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Statistics Learning: Linear, Multiple & Logistic Regression Models

Probabilistic Learning : Naive Bayes
Statistics Metrics for Evaluation
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An Introduction to Statistic Analysis in Microsoft Excel
Random variables, expectation (mean) & variance
Probability and Statistic Distributions

Normalization & Standardization

Linear Regression using Excel
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Data Mining and Machine Learning

Application of Data Science & Artificial Intelligence
Crisp-DM Methodology

Data Preprocessing

Clnssfication Algorithm - ) www.TehranData.org [ TehranData
r@ Tehran_DataScience o Tehran_Data

Clustering Model
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Time Series Analysis
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T-SQL Querying Introduction

SQL Server Architecture

Select , Predicates and Operators

Three-Valued Logic

Date and time Data

Metadata

Type of Joins A\

Subqueries

Table Operators ., .
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Advanced T-SQL Query
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‘ ; Real Case-Studies

Power BI is a collection of
software services, apps, and
connectors that work together to
turn your unrelated sources of

data into coherent, visually B U SI N ESS

immersive, and interactive

insights. Your data may be an

Excel spreadsheet, or a collection I N T E L LI G E N C E
of cloud-based and on-premises

hybrid data warehouses. Power BI
lets you easily connect to your

data sources, visualize and
discover what's important, and
share that with anyone or ."

everyone you want.
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Power Bl Introduction and Overview

Importing Data to Power Bl

Transforming Data with Power Query
Preprocessing and Data Preparation Technique
Visualization Reports in Power Bl

Interactive I?I R.eports www. TehranData.org m TehranData
Data Modeling in Power Bl /\ &
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Business Intelligence Fundamentals
Overview of ETL

KPI Definition

Data Visualization with Tableau
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General Introduction into the R Ecosystem
R Syntax Basics

Programming with R

Descriptive Statistics

Statistical Functions and Analytics in R

Regression Models in R www. TehranData.org [fJ] TehranData

Data Transformations / \
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Dirty Data Problems J
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From Beginner to Practical ¥ Machine Learning
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An Introduction to Data Mining and Machine Learning
Exploring Data Analysis

Data Preparation and Cleaning

Data Pre-processing & Processing

Python suitable libraries for Machine Learning
numpy, scipy, pandas and scikit-learn for ML
matplotlib, seaborn & bokeh for Data Visualization
Getting Started with supervised Learning
Classification Models and Evaluation

Regression Models and Evaluation
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Time Series Analysis

ARIMA Models

Prophet Algorithm

LSTM Algorithm £) www.TehranData.org [fj] TehranData
SARIMA Model @ Tehran_DataScience ° Tehran_Data

Feature Engineering for Time Series Problem
Neural Network and Boosting for Time Series
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Recommender Systems

Recommendation as Association Rules
Recommender system based on Association Rules
Content-based Algorithms for Recommendation
Collaborative Filtering for Recommendation
User-based vs. Item-based

Practical Deep Learning for RS JWJ,;,,,!,#’J;);J}/T/C/([,,uf/}'
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Text Mining &Web Mining
in Python
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Introduction to Text Mining
Architecture of Text Mining Systems
Text Cleaning and Preparation
Word Embedding

Text Clustering (2) www.TehranData.org [f}] TehranData

Topic Modeling V7~ \

(@] Tel DataSci
Predictive Modeling with Text J 4 _caran_ratascience Tehran_Data

Sentiment Analysis TehranData_ ADMIN :p! 58 (Sl g 6 gl wlus
Graph Theories \/

Social Network Analysis Lot . A, ‘Zj“:{ .
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An Introduction to Deep Learning
Neural Networks Basics
Key concepts on Deep Neural Networks

Optimization Algorithms

Hyperparametcer Fumng www. TehranData.org m TehranData
Batch Normalization /\

Tensorflow & Keras Framework ._) (@) Tehran_DataScience €) Tehran_Data

Foundations of Convolutional Neural Network M TehranData ADMIN 2p1,56 bty 9 09l ol
Building a Recurrent Neural Network
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Big Data Fundamentals

Introduction to Big Data analysis with Spark

Spark Architecture and Components

Setting up Python with Spark

Spark Basics /N
Programming with RDDs J
SparkSQL, DataFrames and Datasets v
Machine Learning with PySpark MLlib

Advanced Spark Topic U;’J/J’T””’fd';’/tfjf’tﬂé/‘["U'/:
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Introduction Business Process Management
Introduction to Process Mining and Event Data
Process Models

Process Discovery Techniques

Conformance Checking ) www.TehranData.org [fj] TehranData
Process Model Enhancement V7 \

. . @)} Tehran_DataScience Tehran_Data
Social Network Analysis .., e .
Process Mining with Celonis, Python, Power Bl, ProM v e e e
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Data & Artificial Intelligence Governance

Data & Al governance is Unlocking the confusion around how they work together. In the
simplest terms, data & Al governance establishes policies and procedures around data, while
data management enacts those policies and procedures to compile and use that data for
decision-making
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Data Management

Data Governance

Data Architecture

Data Quality Management g, () Www.TehranData.org [f}] TehranData
Data Modeling and Design J r@ Tehran_DataScience o Tehran_Data
Data Integration and Interoperability

Data Management Maturity Assessment
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Difference between RL and Other ML Methods & RL
Main components in reinforcement learning
Exploration / Exploitation tradeoff

Value functions and Bellman equation, Optimal policy
Iterative Policy Evaluation (Policy Iteration)

Policy Evaluation / Policy Improvement

DP efficiency improvement (Value Iteration)

Monte Carlo method, Temporal Difference learning method
Tabular methods (SARSA, Q-Learning)

Difference between On-Policy and Off-Policy methods
Review of the limitations of tabular methods

Using DNNs to estimate the value function

Review of the limitations of value-based methods
Direct policy learning, Policy parameterization
Combination of value-based and policy-based methods
Structure of Actor-Critic algorithms
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Introduction to Al Tools & Their Applications

Foundations of Prompt Engineering

Understanding the basics of language models & generative Al tools
Getting Started with GPT & Claude

Exploring Multimodal Al Tools: Gemini, Bard, & More A~
Visual Creativity with MidJourney and DALL-E ) @) Tehran_DataScience €) Tehran_Data

Workflow Automation and Integration with Al Tools TehranData ADMIN :p! ;88 Siluiidy g 6 55l wlus
Future Trends in Al Tools \/
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ML in Production & ML Life Cycle
Select and Train a Model

Data Definition and Baseline
Data Life Cycle in Production: Collecting, Labeling, and Validation
Feature Engineering, Transformation, and Selection

Data Journey

Advanced Labeling, Augmentation, and Data Preprocessing
ML Modeling Pipeline in Production

3.2 Resource Management

3.3 High Performance Modeling, Model Analysis

Deploying ML Models in Production o b v A o~ " “
/ ol
Model Serving, Model delivery, Model Monitoring J}J/u’ﬂ” ’/du/d}ﬂéf‘;@/&?U/
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Introduction to Al in Business

The Al Revolution in Business : edge of Al-driven organizations
Understanding Data for Al

Role of data in Al systems

Demystifying Al — From Buzzword to Business Impact
Al-Powered Decision Making

Ethical considerations in Al decision-making £) www.TehranData.org ffi] TehranData
Al Strategy and Implementation: Turning Vision into Reality / \ f@ Tehran_DataScience o Tehran_Data
The Al Toolkit :What Every Business Leader Should Know ..) TehranData ADMIN 161,56 5iLuis 5 6 35k >
Al in Action — Real-World Success Stories «/‘ ’

Emerging Trends and Future of Al in Business
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Getting Started with Git

Basic Git commands: git init, git add, git commit, git status

Working with GitHub

Connecting local repositories to GitHub

Cloning repositories from GitHub £) www.TehranData.org ffi] TehranData

Branching and Merging in Git 4 \ r@ Tehran_DataScience ° Tehran_Data
Collaboration with GitHub ..)

GitHub Workflow
Best practices for using Git and GitHub in real-world projects
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